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Gender Darker Darker Lighter Lighter Largest
Classifier Male Female Male Female Gap
B® Microsoft 94.0% 79.2% 100% 98.3% 20.8%
£ : FACE** 99.3% 65.5% 99.2% 94.0% 33.8%
EE:;:——Z 88.0% 65.3% 99.7% 92.9% 34.4%
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Buolamwini, J., & Gebru, T. (2018, January). Gender shades: Intersectional
accuracy disparities in commercial gender classification. In Conference on
fairness, accountability and transparency (pp. 77-91). PMLR.
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Friedrich, F., Brack, M., Struppek, L., Hintersdorf, D.,
Schramowski, P., Luccioni, S., & Kersting, K. (2024). Auditing

and instructing text-to-image generation models on fairness. Al
and Ethics, 1-21.
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Raiji, I. D., Gebru, T., Mitchell, M., Buolamwini, J., Lee, J., & Denton, E. (2020,
February). Saving face: Investigating the ethical concerns of facial recognition auditing.
In Proceedings of the AAAI/ACM Conference on Al, Ethics, and Society (pp. 145-151).
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Brown, A. (2017). What is hate speech? Part 1: The myth of hate. Law and
philosophy, 36, 419-468.
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Cranor. Standardizing Privacy Notices: An Online
Study of the Nutrition Label Approach. CHI 2010.
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Fig. 1. Screenshots from Prototype 1 including the HIPAA autho-
rization shown as a PDF. Fig. 2. Screenshots from Prototype 2: “Resources” summary and
HIPAA Authorization documents, shown in modal window.

Fig. 3. Screenshot from Prototype 3: HIPAA Authorization docu-
ment in modal window.

Pearman, S., Young, E., & Cranor, L. F. (2022). User-
friendly yet rarely read: A case study on the redesign
of an online HIPAA authorization. Proceedings on
Privacy Enhancing Technologies, 2022(3).
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the 32nd IEEE/ACM International Conference on Program Comprehension (pp. 370-381).
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