HEEY

= &1

(EFI3)

EJJ%:%/%%

—HEBEEBZI /N —3 5T 2)LEMIZRITT-
EE%&X—T— R IR AT

\lil

(

| g e

....... ..-..-——I.-

FTR/BEFE 2z

) BIEZEHMRAAIPELE— F—L)—5—
(3R) BB E MR AR

ﬂ"Fﬁ ZEREZ

iy

RS ITa/SORTH MY IR
EE%%

ﬁ}

——— o —
——




O20242E57

)
2

O 1TEHZRFE(ICDOULT
IS

O >v>ETd-Xb

O 1TERAFOHBEERERRADERG
O 5—0)\5—2 ETEHEEE

O AEFIRERCHAFI DL

(NEZS

* W D AT

x )L FWS(CDULT
x A — )\ —ICDVWTHRE : (TEIIRBEFENIRR EDOFR



TEIRFFL

N l.l.‘pl-ll-'--ﬂ"”
- ..-------—-—-—l_

g\ﬂiﬂ-

ol =



iy

Bz,
Bl

ITENEEFE D Ta] ?

BT  [EENEER(ANMEBHRIRE) 2 EDQLKD(CHECT DH\.
EDEDICHEEINDINENZEIERT DFRM
UREELT) ANIEEHNTHIIH
ITENHESESE - w9 ULEERENTIIRL - FISWTEIRWI 7))L
A2 7= ETE Uk B F (Tversky & Kahneman 804:4X)
DIEE - fuRIFR ctODﬁ/z TR Z ARER BRI AE
VT T (FIBAF P ERARDEGR - EEZFE (CER(TY )

[J

£ : 20024 £ 20174
J—N)UERE J—N)ERE
FEZTTEL FETREL
Jeh—FRKI > fett—5—
E(ZD UHET

(O UTeH[E

HFRE) A (X

_-_;\:_



FPRIBRDIERODOH (EER(CITHONTULDH)

EEWHEESZET JA)L KC BOMTEAAIEUP (3EBIT)
N E e v )
11 /J \JJ:%/\O) DXGD?&L 75.0% 72.5%

70.0% 67.5%

#2252 - BENIVERISESE I

60.0%

(LWNCHEREEZHSITH) =

50.0%

1 \:_;]I7 _ \ﬁu ,}‘SZ, - ELAL  BESESLAL ELAL
MEREF HEeRE>ry S
(E=T) TR IEDITRIER o

Behavioural Insights Team (2012) “Applying
Behavioural Insights to Reduce Fraud, Error and

Debt" NS EE1ERK

20107+ XAEIFTF(CBehavioral Insight Team(BIT) %% &
= ARINUEUGEEK., BRI E BRI
RIS - RERERLEFYVSTODT U ML




7D T @A
EAT-LVABELT
BHEEIZIX1000 RV Mt 5
EABIGAAN LN ?

O SHESE(ZHAE1000RAIUME5AFT

(FIFIL—L)
SBTHLHAB1000/ KM bk NFET

FEXITL—L)

O &HEXBRIT10007 R/ U MM EAEHYET

(BA LTy v—)

ENDNRLHD?

NLIFITERFFDTYOXNED/ING—Y
BEBRGHAENDVER S HOTND

=



DT IT)DT v B ENEH
BAMIZEEMN2ANZEEICTUR LITEBEIT 5EER

JL—r TSBHIZOO0OFvUANHYET ]

RALTLyv— THEXERMTOOFY U RITHHYTT ]
FEIL—LISHCE~~~DE52FET ]
BEIL—LISEHEMNEWNE~~~FH LR E<HYFET ]
FEREII/LULIZGED
(ARMIZEHLLIELN 1)

N

5

20

—TERERZEITHE .
MR IFHEYIRL )
SEELENRNER I
0 S 143-401€ 2Z143-401% S 501K Z 501K

moL— FIGEERK 18 2 [a]38% RALT Ly v—



TR BEEFED REW D

OFAegEEE1 - I RFTa v IR KFRHE
O JOXNRD NEE
BR[Ok - REXIR - IRIKHER/ 17 7 X - SiEA3IR
O HESROERERA (VIVESRE S - AHESLE/\5T4h)
O (%) XghE 5]
OJL—=>0&7>0U>0 (T5A4=>20(CKB5R0R)
OBLONIRIER  BAOZIR - ZisxhE
OFBTEIEFHHED(T
O FDO=E
O ¢t =RRRE D KO =RIEREE S
O #—EimE U COEBRIEIE R
=T — i bR gEME” "B M “ AP Z X" (CEEI




BB E4EE 5 (Evans,2008)

ITENREXIRZE D f—1Em"
th@ZDwmwm—h%ﬁatm5
. 7 ARE—F (ZRXAFA1) ERREIERE
2  AO0—E—kK (RXF7A2) EME (5EH) B
[RER 1) HEBIRILFT—ZRHST
ELNRERE  IIXANBET D R XOEY)
HDEE=KED2% HEIRILF—=250D2E|
> THRILF—ONEREMEIBE(FIRDINGHEITD
*x T 4481RE% (Baumeister et.al.1998) (X1 9 DITFEDREZ(Hagger
and Chatzisarantis,2016),” DMNOF R ([C KD
(R 2) D—F >0 AFEYDONERREEA(L [ETEMEDS VY X
(Value of computation)| (CBCJ3(Botvinik,2015;Shenhav,2017)
SHWABRZRS I EHICBEET—F > I XEUZFEDIRWNT 7 X
NE— RTCUIE - O0—F— ROBRENIITHIRLN

\I




02024 EHER

I7AME—FR (AFAL1) AO—E€—F (AXAF7AL2)

sadlER (GER) I
BEINEF
[ EREBRE ) (Ey(:ﬁ%ﬂ’ﬂ [ OEMREE O\
IR\ SR el=1Y EL
BHNE SR §> EHNNE
ZER EHSN TS
AR ARAI
i 51| QL1 < ERALIER

\ab'@h.(b\/ ‘fD éﬂ%c‘:\gbbbjb\/
iR 'J 12X

‘, =SB ",

ALz L > = ’%Eij\;'d)@éiﬁa( i E
Al i N
XL LRI %5972 &)

1BV ., B
WDEDITEER (B18) Eﬁﬁﬁgigﬁ




02024 EHER

I7AME—FR (AFTAL1) AO—E€—F (AXAF7AL2)

J7 ANE—RDA%E
[ EEAE SENCSHESEDIDOEERH v

RN v =ME :\
EHNES BB EIRE BE
E%)EJE‘ BHlCcEd .éb\ﬁ
pe P EREEEST D

\_EDOIC Bl . =TJA)L bEFIFE 0y

\ 4

¢

ORI BROSHSBO(FH

= HlFYIR E)

BN refEs A=
NDEDITEER (B1E) VS EE

A (C AN OEFAMm



0204 2EHER

sl EiIR (GER)

EBE S5 TR T IHDIRE ZF D& R OBENOM
ARY NDJ—2 : co/salience & - BIRRE - LB
EESZFA (<SZFA1) l HEEASATA (<3 RAFA2)
. : _ : Model-based/Goal-directed
M°§'§,',J§§§/*,'\a.§'t_”}"‘,' :'B',';,‘,‘,:,s"’e ARy ND—2 : FP/DAN
EEHNDSAFTAIT
a SEEEE \(m@@gm\%/ EmRmE O\
WA - R VERTIB TR = - B
HIE L (2 < W FEHEIMNTWS
AEERI TR BEAERY - A ALIE FRERY - FHRAULIE
*Eﬁ'}‘l“!@ 22 W ZHh ) gL
i) I —— 2 mmmmm—a- ] e ,
RUBIE ) | 55y 2 7 : | BB X7 L : o - HiEEmS X T L :
I s-0x7n7 1! S-R I DR L TR R-OE B
I I

_______ A1 ) =nAEst d___________l/
Y " a 3

BB o SR
R - 11 HEMER  Fege

SRR 1T XIETU—=L  emmipnsammin



©2024 EHER
s HIEIR (GER)

ESS5TUIRT ZH\DIRE F DR R Y DHE DM
ARy KD —2 : co/salience & - B3RS - LB
BEIS R/ e e E NN T I
Model-fr- */Goal-.directed
AP —4J : FP/DAN
/ 1E L A B2 \
ﬁ IS DR FHIT 13% ° i’?*—.t%
| ~ N AL TWw
KBRS B 73\_'9 (i '—'&E%\ 5E_® - BRILE
e 2 [ RAFTALA1] [2RFAL2] )row
2 e e e e e e = = o o o o I
RUBIREE |\ | gy = 5 Tl < B 27 L |
% EEH )

S-0/X7'C 1351, EE ~ — =H:
______ [ BB AT A R —
[BHEEREZ AT A

DF5HEL]) ks
% HE
R R REARIR




F 2DV T

e

i _,‘.‘v_..”.l-_ﬂ‘”
--------—-——-—l—.



0204 2EHER 15

Twv=>E(E?

ITERRBEFEVLOIBZOMBZEN U THEPALAZLIDREWARIICELS 2(C THRT
gz DD | [BF%Zifd ]

B VB A DEIRDOEH(I4RFE 9 B (Thaler and Sunstein,2008)
12iR )7 —F5F 17 (Choice architecture)

EIRICFHMEUTZEE WA O
TEF=(Hansaen,2016)
OFFE DIEIRIRZZELIE UL
QFFE - BfE - 1>t a0 T%

ARELLEfb=E=RR0
QFRAIHIPEFR - /KA 7R - BIEIR E(CHT IS

[R5 w=(sludge)] -
RENEEZ BIRSIRNT Y AR
[(BEDOZEZX]
_EiEiEE

EMNIFEAEDIRAT [T7 A ME—R]
=50 EEX T EEHRAICITE
ERFERATR < mE
L& 2EURCECEA>BIBZEIRIFE LN

tichard H. Thaler and Cass R. Sunstein

Revised and Expanded Edition

L wacks I've read recently that fundamentally changes the way
bt the warld Steven . Levitt. coauthor of k



O202428 57
T DR EDKENETTFE

Carr iy

OJge/d SexBEUVIR #l) FhssiEfdt. £E:I0A
[TLO=w b X K]

ARBREDZRITESED BT H=BIEHb
[T =BISCRODF A ]

fii e EDLEE / [EIER1TEIOF! A
(DL —=>7])

JR Bl (FI& K Z 585

x FlIEZE R UEEONRWNGEESEHD D
=1 1):2)

IRz DERLEHET D (XXICEEXRT... : XXOEEK)
(RA(DL=TE)

FIMBEVITE) - BEITEIOME - FO1TEIRE




4EHRE 17

FIAILNETL - OISw hXAS N

(=T A)L K]
BV SIFEDEIRIZ{FENHTE S
() FEesijiEh—R B IROUTS 3> TOIER
¥RZZDOHZ RN 5TE B CEAl
[TLd=w b X2 K]
IR/ A 7 X ZEE T 35RO —D
ﬁnAEMT@5;t€EbUm
B CRAAETEIZZITUIEUVNE
UTFTDOESESHMZEITD
Ot MIEXELFEEN RN &7 FI
=ETHEFICEEREOZFET. 12/ LU EFIY
Qb MIHESHFHENEE TH D EZFIAE
SMANICEDDETHEZATKIT D




O2024E28Y =R 18
TW DR
Thaler & SunsteindDNUDGES
N1 >t > 7+ 7 (iNcentives) : FIERERNIREDEZ O T=IREM
)X AT (T DIBFE(Understanding mapping) :
AR L9 SWEIRZIEFR LU TWVERICHISEED
) —EALIRRHEREZ RDAREILT
3)7 J A JL (Default)
4T+« — R\ ODRM(Give feedback) : FEERD I+ — KR)Nw o
S)ENZEL\DF R (Expect error) : S XZIPIT CEZFRIICTFR
L CsRZE &D
6) 18/ EIRDIEIE B (Structure complex choices) :
BHINEIRZIEFRAT D, EERBEICEIU TIRRT

H'I




O20242E57

JTwYwv2OFTVvIUX S

BITOFTWIUX K
OEAST
1) Easy : fE - [FHREH AL

\ - EFBICFREID ISR

2 ) Attractive : #&18Y - JFE%Z5I< - @ELY

3) Social : ft=REWT = FIFE

H=AREE - EFE1TE) - BR

2E7Z 5N

4) Timely : BERIREDS 1 =018 EEYNIREFEAH
7+ — )y OEy) IRk (CiThhndh ?

19



O202428 57
TYv2OFTVIUI S

BITOFTwWIUX
@MINDSPACE

T)Messnger N ? NEE
2)Incentive ND (IR v] §E
3) Norms(ft S REE) N EE
4)Defaults(EIZNRMAEL)
5)Salience(ZEE). DEDFEZE(T
6)Priming(SCiTIBE RE UL CDOT A =20 DEEM
7)Affect(IBENDEZEE
8)CommitmentszEl5Ed. BENITEIZ DA RRE—BN%=
FretEd

NEgo(BFH)NHE T DLDICITEISE D
=IEHISIEHLE LD KD #FERH]

20



x.unqul-"-""""""‘“l I'i'

----—--H——--—-—l_

fg\ﬁlﬂ-

ol =




020242 HER “ 22
J—AREE?

Boost : Griine-Yanoff & Hertwig (2016)

SR ENRI75BE H (cognitive competence)ZEB/SHES HHWLNIE EHS
CETEREMNGHIE-ERRENTELSLIIZTS TA DL
=>Ei# L THRMIZITIIA

[FvPET—REDEL]

OF oS EARED AT REZDEEIZLT, AT REDEDERIALT A
)\%ﬁ\ﬂb‘&u_.\Z%)”ﬁmL N lu\/kméga-é:(

=>FyONDRRAELTIERDEBZHET 5 1MEEHEER

O J—XRMINATREFLESHE. TOEALKNEE jﬁmlsu:u/kﬂijé_%<

[BArIZF]

TNENTHTAXNRDAN= ZA(%L’C‘?*%&L’C@FEFH?E)#EE%
—RICFICDAEILIRNS

J—ADRELEFI R F J’)O)ﬁfﬂ HA)74: i RE =

J— ZH:J:JKF'HEW)?#’.DE:L—UZT»rJO(F"HNI:.TE*LT* AR AES) 7 EFFIAT
NILERR TEHRRBIZ DWW TIEIE N T8 1¢




O20242HER

23

THLTLERRTEERmEIE
[7R &0 FIE B IRE ] normative
EDFINBERREZTTAIRNENIBZZZEZS
BLxBEEDREENNE
) HFNARRKIE-BROI=ZIYIRAEE
S>REEF-MEBEFZMNAER-O—ILXEEH -EFH-HERKETELE)
[EEb R E IR TE ] descriptive
EDFINBERRENINTLNDSDM?
151l) 18 5% [B] 5 R ]
=>IHDEFE-HEEE
[ A BIE B RTE] prescriptive (Bell et al,1988)
EDSSITHBZIEDITEHM?
) KRENATANFET HETFEHESE, TNTHRLI-DZA THIRE
EEREEIZPTI-H25
=T — Zhlikﬁﬂ’]%,ﬁﬂmd) FE !

TEFREFZOFYVITEBRMERRE DNATRAERFEA-LTHREMNER
REIZELED

|u.u
o




Ea—YRT I EIE
Simon(1978F /—ANILEREBRFE)DREESHE D=
[RESN-EFRE)YV—ADPTHRETETHIERROERSTILOUX L
Tversky & Kahneman D ZE LEERNILDEFE TR KGR L EHE
S>URATLTNZELAHEM/NAT R
UTDEIBEL—YRTAVINEE
(M RREEL—)RT4YY

x BEEER *SBAI(EE)ERDOENR
(2)FIAREEEA—) RTAvY

* BEEHIDNATR-NERNIT X
=>1&2(ETE A 1 TR R 8E(Kahneman & Frederick,2002)
(3)RBLABEL—YRTAVI(TUHILY)

x JSA2  *x Wi 5|51 & B AR ET A
(4)L—322Y
(5) /MNEZE D 8 K EF{h
=3~5(FUN—DSRA. RATAITROTATIL—L) TTARRY R
(6)\EIGHIEA—) RT 1YY

* #EL SR AV ER |

-~




O20242HER
25

A O
T—RMEDREMEEN - TOEREHELEDHNA
DENABBANAERHHTLEERLMELTRITS
EEI LY STV

[10% 1D EIICHERETRIEITHILUN10BH1 A IDKLOICHETRIRI LA
MIEZEFEHNUNE (Gigerenzer & Hoffrage, 1995)

STETEZSIEVNVST—AE
[BAT—2%&FE>1=-Y— T4V T L&EIZxing 5451)
BADITEOT EFE o= (R A TAITERIEERLT)

FiETIRREINEZLETHIZEN MO TLNSIEES

ICILENEHEFFESH(Kim et al., 2019)

>EANDITEIRT NEHON TSI EITEFEZRITSE
57T —Rk
[ fast-and-frugal tree](FFT)
EEODERRETLEHODNTLANHAFEND—IE
LODDAIR//—EBRICEAZDILTREEZSSIC
AXERKRGHIS OR[N ZZMI 51O DLD .
fast-and-frugal tree(Caballero & Ploner, 2022) e




TTEIRFFRE
BN TOREKER

. e 5
& ."'F' o

Lo iie : ' -y =
waan g o .
e i -1&@&!“‘

g = -r-——--—‘_

e

ol =



é)ﬁ ;|= O2024EHER
R R

98 0MmN
& 5980M D& A — H100{EFTE N TL =, 1 OOMESI=T
BR (R A D T-6)1 H RI880M TERZE Lf=L 5. — A
150fE5EN B K320
RFE{RED HHIAERINT-D T, 980MIZELI=& '
ZA BROFTYLEIFIZESIEILTHMN? 88OMAMERELT
x BELEFMHLGEIIBRNLTERS -
D150{EFREFTNS 8?2%9%%7&
~ EDDD
(2100~ 1500 IS4 2 INES)
QL00fARRETNS . _ _ 100MBLT !
| O100BUT SormEng |
_______________ - 100M{EEIZDEV

<< <100M{EELITDIEH

BZET—ANETHHED | FEAE— MY RRERAATA



JORNRYD SR
Tversky and Kahneman
J—NIILIERFERE

B | SEnmS

SIMMES
2 2 2

® BRE="SOE (BRI " -
E DLE;

& I SHEKR(FHIFNCT (F780)
SE7N

100MMES | E DHER

O2024E8FR7~

g S2HY
100F
5EICRT
(= 100FHE_L(F)

100FPMELIFDEER

(E5|=R(ICARTEDIELIF &
g2 LBARRIEIAE KT



NS ADFNR *

FIFEDTBEEDMEIITAHISEE R
— AR AOHMRLREND

1)

2000F 1500F 1000F

Y Yal

O20248%F =%

B Z 1£_E D3I D LLER
THOEBD vV &
TO3IMDLLE TDOE
DO v D [l
xR C7=D

MEZ AR 1FEL S
>N B (a4

DEmH OB T A BND
FRK)

HARTIIm TR
CEbHhlLhns



EEHIGE COEKXEIEDAZTHT

Neumann & Bockenholt (2014)
I—H T4V AR BFOHE(EEEDT—4)
B miEIR TOD 109 E D AZ D (EHD“HREDAR")
>EEDEET—2ZFALE=ED
BAMICIZEICEERBDELIFEETIFADODRICERS
ZHRAMRIEXEEIE—E L THEREICHFE
BLIAEBEINTFE
SHEEBRITOEVHAKREL
> LK EATVSER "B\ EHREE " TIERELY
M IZKDEL
>ERREICI>TELGS(HEEICEREITHSEMTK)
f AR TIFEL Mg THRE LT LY
>EmDR)1—LEDVUBLLTEHRZEF DG
(RTILRIELEIT)

=




= _1s L _ 31
FRIHEEKEDR T

BIELTEAT VD EMMEERKREDRR
DITHREFFHLGNE - RTHARICDRERTE

BN BREGCEGOERDTIUNHYEM REMBEIHLIEEERICER
bbb/ HBAE"AEZ ITHEICARNHBERIFITEBZEDIDTIEAL
B DEALIZRIG (SIRIEER)

> HEBITBEMZGTE TSI ZEMBENDESIFITKRE]
SEEERBETRNTIUADIESIE-F o R—VFEEEERHEEBIRET
HWISUEESIE - T v R—UTES /T EIIEHTIRNAYRL FEE
QEIZEERNDE
EERDHEBDERREZTERMIT SREBRDEN
ZHE 3R BE (D E [ HE TE 555K ZH(Estimated Annual Bil, EAB)Z iR TR H & ?
>HBEfZR 458 LUNMESIZIZREBLIANIVIEBENERM TS ZE ALY
(LAML)EABZEIR TT HAETEVIEWEMT T UAHERS
QFEMT KD A/\ Ik, AR LD HEET
@t =R 3E fith
Ireland @) Commission for Regulation of UtilitiesmM & N &M AEX EICEMMETEFH"
KRNI D LT ER




D2024E2HER

KUy TIT5405
OECDD A —I/\ 32— |21 H TLHEERE

BRYRMAKZIE TN BEATO AN ED EEBMD T IHELGZLNELIFARLY
HDEBMFEHE . FNZEDOLEWEFEALGWVEIRIZFIZNADA T AV DEEE

EETHITEREFHER
HUPARMATR . BoiGWN(EETORh0) B OFEEBR TELGL
REMR —EBAITLHERELI-LODZFIRT DOIXL P (B XEE)

OFTARTEE D EFEFRF - ThiH T (Competition & Markets Authority))[Z & B ITEIR X FEER
(2010)

>Ry TTIAL VT IEEEENREZKIEIZIET

[HERIZEMST=HI]

JLOYNH—F /TEYCA—FADZILFHFE O R H LI~ DBEAR(0FT2011)
-MZE=1 22O FHIEFO B H L&~ B F & DBAR(OFT2011)

- H)THIL=TF M TaERI%ESenate Bill No.478 (SB478) M FE (2024 FE7 B i51T)

(@) This actis intended to specifically prohibit drip pricing, which involves advertising a price that is less
than the actual price that a consumer will have to pay for a good or service.
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OECD(2022)“Dark commercial patterns”
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Dark patterns have accordingly been characterised as strategies that seek to exploit
what behavioural economist Daniel Kahneman has termed “System 1” thinking,
involving automatic, intuitive decision-making with little cognitive effort, rather than
the deliberative, conscious and effortful decision-making embodied in “System 2”
thinking (Bosch et al., 2016[21]).
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@Interface interference(A 37T —AD T %)
PNagging(F 7 #& YR L)

@Obstruction(IhHE)
BSneaking(lFERZEL-VUAET D)

(®Social proof(¥t = RIZERR)
@Urgency(Z 24 DEERL)

O I RXTTITEMERFFHIERER,

O 7 2)ILZERICEST B TIEIT TIZTRHIDONRELGLH>TLNSE
D+ 7F7E (15! drip pricing)
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{5l &L T@Interface interference(A 27— A D Fi%)

Dark patterns involving interface interference aim to privilege specific actions from
the consumer favourable to the online business through the framing of information
(Gray et al., 2018[23]), and may exploit framing or anchoring effects or default bias.

Examples include visually obscuring important information (hidden information);
preselection of options favourable to the business by default; giving visual
precedence to options favourable to the business, thus creating a false hierarchy;
displaying a discounted price with reference to an original misleading or false higher
price (misleading reference pricing); using intentional or obvious ambiguity with trick
questions (e.g. double negatives); disguising advertisements; and manipulating the
consumer toward a particular choice through emotive language or framing (known as
confirmshaming or toying with emotions).
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Hummel and Maedch(2019)
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Nudge research by academic discipline.

Percentage of effects associated Mean Percentage of effects Percentage of effects
with this discipline Cohen’s d with p < 0.05 with p < 0.10
All disciplines 100% 0.405 61.0% 65.6%
Economics and finance 21.8% 0.201 62.4% 66.1%
Economics 21.3% 0.201 61.3% 65.2%
Finance 0.6% - - -
Environmental science 5.6% 0.480 65.4% 67.1%
Marketing / consumer 18.4% 0.377 48.7% o4.8%
behavior
Medicine 11.5% 0.377 64.1% 68.3%
Psychology and cognitive 27.0% 0.526 62.4% 69.1%
science
Psychology 24.1% 0.531 60.9% 63.4%
Cognitive Science 2.9% - - -
Public health 3% 0.435 69.5% 69.5%
Miscellaneous 6.3% 0.490 66.0% 70.0%
Computer science 0.6% - - -
Engineering 0.6% - - -
Law 1.2% - - -
Management 1.2% - - -
Political science 0.6% - - -
Public administration 0.6% - - -

Transportation 1.7% - - -
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Nudge research by domain of application.
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Percentage of effects associated Mean Percentage of effects with  Percentage of effects with
with this domain Cohen’s d p < 0.05 p < 0.10
Environment 24.1% 0.421 66.6% 71.3%
Finance 7.4% 0.316 70.1% 76.1%
Health 33.9% 0.416 59.3% 62.5%
Exercise 1.7% - - -
Health care 10.9% 0.286 57.3% 59.5%
Healthy eating 19.5% 0.504 59.7% 62.0%
Miscellaneous 1.7% — — —
health
Prosocial behavior 6.9% 0.213 51.8% 66.4%
Miscellaneous 27.7% 0.504 59.0% 62.2%
Crime / criminal 2.3% - - -
justice
Development 0.6% — — —
Education 1.1% — — —
Labor 0.6% - - -
Other 23.1% 0.554 29.1% 63.0%
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Nudge research by type of nudge.

ﬁj\

Percentage of effects associated Mean Percentage of effects Percentage of effects
with this category Cohen’s d with p < 0.05 with p < 0.10
Nudges that use automaticity 15.3% 0.521 72.7% 78.6%
Nudges that do not use 84.7% 0.385 58.2% 62.7%
automaticity
Nudges that trigger svstem 1 72.1% 0.468 63.2% 66.7%
By arousing emotions 29.3% 0.326 04.9% 99.7%
By harnessing biases 20.0% 0.515 64.3% 65.0%
By simplifving the process 24.4% 0.539 71.4% 73.9%
Nudges that engage system 2 41.6% 0.346 60.9% 65.1%
By encouraging joint - - - -
evaluation
By creating opportunities 22.4% 0.329 65.0% 68.7%
for retlection
By prompting planning 1.9% - - -
By inspiring broader 14.7% 0.396 49.5% 54.2%
thinking
By increasing 1.2% - - -
accountability
By emphasizing - - - -
disconfirming evidence
By using reminders 2.6% - - -
Nudges that bvpass both 13.8% 0.546 69.9% 77.1%
systems
By setting the default 13.2% 0.546 68.8% 76.3%
By making automatic 0.6% - - -

adjustments
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Digital nudge/nudging (Weinmann et. al.,2016)
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(DForced action(1T .4 D 5& )

Dark patterns involving forced action seek to force the consumer to do
something in order to access a specific functionality (Gray et al.,
2018[23]). Specifically, the consumer may be forced to register or
betricked into thinking it is necessary, or be forced into disclosing more
personal information than desired, or, in the case of a free service, than
required to use it fully. Another example is the extraction and usage of
information about the consumer’s contacts, possibly without the
consumer’s consent, in order to use a service (known as friend
spamming or social pyramid).
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BNagging(Bi 7 fey = L)

Nagging dark patterns involve repeated requests to the consumer to do something favourable
to the business, such as turn on notifications or location-tracking, and may thereby exploit the
consumer’s limited willpower or time.

mu%ﬂﬁlﬁbﬁﬁfﬁo)lzﬂm |$O)*Ijﬁﬁ
@Obstruction(IF=E)

Obstruction-related dark patterns aim to make a task flow or interaction more difficult than it
may inherently need to be with the intent to dissuade an action (Gray et al., 2018[23]), and
thus may exploit consumer inertia, or limited willpower or time. An example is making it easy
to sign up to a service or opt in to privacy-intrusive settings but hard to cancel the service or
opt out to more privacy-friendly settings. In a similar vein, click fatigue and ease refer to
creating different lengths of click paths to different options in order to steer consumers to
choose the “simple” path preferred by the business (Dapde, n.d.[26]; Forbrukerradet,
2018[27]).5 Other examples include making it hard or impossible to delete an account or
consumer information (often termed immortal accounts) or to compare different offers and
prices (price comparison prevention).
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BSneaking(lBERZEIEL-V AT 3)

Sneaking dark patterns seek to hide, disguise, or delay the divulging of information
relevant to the consumer’s decision (Gray et al., 2018[23]), particularly regarding
costs, and may exploit limited attention, default bias, the anchoring effect or sunk
cost fallacy in consumers. Examples include adding new and potentially significant
non-optional charges to the total price when a consumer is just about to complete a
purchase (otherwise known as drip pricing); sneaking an item into a consumer’s
basket without consent e.g. via a checkbox on a prior page; or automatically renewing
a purchase, including following a trial period, without the consumer’s explicit consent
(i.e. hidden subscription / subscription trap, also known as forced continuity).
Providing a consumer with unsolicited goods or services is also more generally
described as inertia selling or negative option billing.
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®Social proof(¥t = RIZERR)

Dark patterns involving social proof attempt to trigger a decision based on observations of
other consumers’ behaviour, and can thus exploit social proof bias. Examples include
notifications about other consumers’ activities or testimonials6 about their recent purchases.
Activity notifications might not be truthful, e.g. where they falsely signal old purchases as if
they were sold recently, and testimonials may be misleading or false.

=Rt

@DUrgency(ZBR 2D BEERL)

Dark patterns involving urgency impose a real or fake temporal or quantitative limit on a deal
to pressure the consumer into making a purchase, thus exploiting the scarcity heuristic.
Accordingly, such dark patterns may also be referred to as scarcity cues or claims. Examples
include low stock and high demand messages or a countdown timer to indicate an expiring
deal or discount.
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Category Name of dark pattern Description Source
|E_| #&%% Annex B Forced action Forced registraton Consumer forced to register or tricked info | Basch et al. (2016g1)
thinking registration necessary
Forced disclosure / Privacy Consumer tricked or forced into sharingmore ~ Bosch et al. (2016py); Gray et al.
zuckering personal information than desired (2018p24y); Brignull (n.d g19)
Friend spam / Social pyramid =~ Manipulative extracfion of information about Bosch et al. (2016p1)); Gray et al.
| Address book leeching other users (20183y); Brignuill (n.d 111))
Gamification Certain aspects of a service can only be Gray et al. (2018py)
“earned” through repeated use of service
!nterl‘ace Hidden information Important information visually obscured Gray et al. (2018py)
interference False hierarchy Visual prominence given to firm's preferred Gray et al. (2018ps); Mathur
seffing or version of a product etal. (2019zq)
Preselection Firm-friendly default is preselected (e.g. more ~ Bosch et al. (2016py)); Gray et al.
expensive or less privacy-protecting opfion) (201823)
Misleading reference pricing ~ Price shown as a discount from a misleading OECD (2019g); CMA (2022p1);
or false reference price EC (2022p9)
Trick questions Intentional or obvious ambiguity (e.g. double Gray et al. (2018ps); Mathur
negafives) etal. (2019z4); Brignull (n.d ;1)
Disguised ads Consumer induced to click on something that = Gray et al. (2018py); Brignull
isn't apparent advertisement (ndn)
Confirmshaming / Toying Emotionally manipulative framing to make Bngnull (n.d.j19)); Gray et al.
with emotion consumer select a parficular option (2018py); Mathur et al. (2019p4)
Nagging Nagging Repeated requests to do something firm Gray et al. (2018py)
prefers
Obstruction Hard to cancel or opt out / Asymmetry in ease of signing up/optingintoa = Bngnull (n.d.;11); Dapde (n.d.pe);
Roach motel / Click fatigue / = product or firm-fiendly choice versus Gray et al. (2018py);
Ease cancelling/opting out Forbrukerradet (2018z7); Mathur
etal. (2019zq)
(Price) comparison Frustrates comparison shopping regarding Gray et al. (2018ps); Mathur
prevention price or content etal. (2019zq); Brignull (n.d.jin)
Immortal accounts Account and consumer informafion cannotbe ~ Basch et al. (2016p1)
deleted
Intermediate currency Purchases in virtual currency to obscure cost ~ Gray et al. (2018p3)
Sneaking Sneak into basket ltem consumer did not add is in cart Bngnull (n.d.;19)); Gray etal.
(2018ps); Mathur et al. (20194)
Hidden costs / Drip pricing Costs obscured or disclosed late in Brignull (n.d.q11); Gray et al.
fransaction (20183); Mathur et al. (2019pq);
OECD (2019w)
Hidden subscription / Forced = Unanticipated or undesired automatic renewal = Bngnull (n.d.;19)); Gray et al.
continuity of a service (2018p23y); Mathur et al. (2019p4)
Bait and switch, including Consumer is offered product or price different = Bngnull (n.d.j11)); Gray et al.
bait pricing from that onginally advertised (2018psy); OECD (2019)
Social proof Activity messages Indications about other consumers’ actions, Mathur et al. (2019p4)
which may be misleading or false
Testimonials Statements from other consumers regardinga =~ Mathur et al. (2019z4)
product, which may be misleading or false
Urgency Low stock / High demand Indication of limited quantities of a product, Mathur et al. (2019p4)
message which may be misleading or false
Countdown timer / Limited Indication of an expiring deal or discount, Mathur et al. (201924)
time message which may be misleading or false

Source: Consolidated taxonomy adapted from Lugun and Strahilevitz (2019p23; 2021ps). Sources for
individual taxonomies containing each dark pattemn are indicated in the table.



