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Safety Small Data and Safety Big Data
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3.1 BRERXRE—IT—4
Safety Small Data: Accidents & Injuries

ERESTORBETIL
ISO: Mechanical Safety
ILO: Occupational Safety
WHO: Epidemiological model
NHTSA: Haddon Matrix
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lIDF: Injury Information Description Framework, 2017



(Z%&) OIPM: Objects in Injury Process Matrix
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Safety Small Data : Accidents & Injuries
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(BB)EU-27hEDBEEFEESIVF
Injury Pyramid, EU-27, 2008-2010
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source: EuroSafe (2013), Injuries in the European Union: Summary of injury
statistics for the year 2008-2010, 17



(%) BERDEETESIVF
Injury Pyramid, Japan, 2010
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Data Volume Scale
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3.2 REEYIT—4
Safety Big Data
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Safety Big Data
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5.1 b —FRAFEDSH

[1F&HFE]
1992 Tom Gruberifi X
(OntologyMIRE)
1995 Dublin Core

1999 RDF (W3CEI%)

2004 OWL (W3CEh&)
(Web Ontology Language)
2007 GruberbSirift 8% 31

2010 Apple Siritt B U

2014 FARAIT — L, Amazon Alexa

2016 Amazon Echo, Google Home
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1999 MGED Society
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2000 NIH, BISTIFAY T~
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Az RE—k
National Biomedical Ontology
Open Biomedical Ontology
Genome Ontology

2013 NIH, BD2K (Big Data to Knowledge)
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IIDF Coding Manual

2015
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5.2 ZEIFHELBEHEACoding Manual

. {EEIFHED R P4A A (IIDF) Coding Manual|IZIZ50IBB# B2 AR CHRIEBHNDESE L,
LZIEEDERD=-ODEBEENINEFINTLNS.

« BEEIWHODKRKESHE(ICD), mESMEA S8 (ICECD), ISODBRIRIAMEED
ERRRAEICE OO, BICTRKRRYRAMNIEEEESERERAITIETIN TS,

o TR29FEICHETIFEHR(BRFPXIERM230E) ZEM LTz ZFFE D3RRI
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DOMAIN OntologyBAF ==

EmfE-EF Open Biomedical Ontologies (OBO) Foundry:
Biomedical an effort to create controlled vocabularies for shared use

across different biological and medical domains.
ERmTE ERHBOBRREOHOF U OS—F%E
B9 Y—7 L BREGET—ENERSINTLNS.

HafElE-EED Integrating Data for Analysis, Anonymization, and SHaring

T—AHEF UCSDOYHIMZIE> THEDH TS, [ K%Ebiomedical data®
iDASH ELZEDDI-HDRRGHMBAR, HERE
HEEEEE Ontology for OSHA Process Safety Management: Development
Occupational/ of an appropriate ontology to represent and integrate the
process safety taxonomy of PSM elements as a knowledge base for safety

process analysis.
IL— 7 D RMEZEPetronash BAFE L F=O0SHAD PSM#R Hl{A
RzxEihy 54 AD—.
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DOMAIN OntologyBAF ==

RBELZE W3C Traffic Event Ontology Community Group

Traffic accident W3CIZHEITAHRAFE T IL—T. REPEFEEZRREIN TG
To design a set of vocabularies and ontologies used to
represent road/traffic event and accident data; event, vehicle,
jurisdiction, accident, person, environment, etc.

Ontology-Based Approach to Safety Management in
Cooperative Intelligent Transportation

A I—TUDITSH L BRETADTIRSARMITSO —ERE
LT, 1S026262% [ELHET DT HAUER, HERAEED T
DIREFHERGEZEOARRIA O —ERET.

HERAERUE CContology: Consumer Complaint Ontology
Consumer FURTOHM—EEREERUEIL—LT—VHEFEZBE

complaint Classification of complaint problem, resolution, complaint,
complainant, recipient address, contact
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ARV ITA—R D —RARBT 4D
Impacts of SDCs
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Patrick Lin, Director of the Ethics + Emerging Sciences Group at California
Polytech State University:

o £, ORyrA—ZEoY, ENICES-YTHHEIC, TDEDTILIVX
LD HHFRERLTHDLENH DD TIEZLVD ? Do we now need a

peek under the algorithmic hood before we purchase or ride in a robot car?

o BHOEELIEHEREIIFTAEECERICX L THELGE TRRINHIRETIEL
WA ? BEOSTRICSHLTT b, ERLTHLESRETEGLIN? S
Should the car’s crash-avoidance feature, and possible exploitations of it, be
something explicitly disclosed to owners and passengers — or even signaled to
nearby pedestrians?

« BZTEERTHFE, ROEICE, TN ERMNIERREIRZL-0T ATaEH
NHEDIZMG, AT+ —LRAVEUNERDHERETEGLIN? S

Shouldn’t informed consent be required to operate or ride in something that
may purposely cause our own deaths?

BAGERIE=L
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Cognitive scientist Gary Marcus:

o Z~=FFRICIE, BWMEARBDEIERENDE(FBHTKRKEGY, AFHEER
FHEIFFEFELELGDHIMELNGL. RISEHFEINTZELTH, BRPMEBEZED
[THVRIMBEVIZEWN=HIZ, EBETHIEETEEMIERLDHLIITELEIMNE
LALZELY. ~Within two or three decades the difference between automated
driving and human driving will be so great you may not be legally allowed to drive
your own car, and even if you are allowed, it would be immoral of you to drive,
because the risk of you hurting yourself or another person will be far greater than if
you allowed a machine to do the work.

o COEHRAIE, ABICEFSN-—DODFEIEIE (EDEE) MEHYTEITT-&
LVDSEKRTEETHAEITTHLS, £5—DODERDBEFYENSEKRTHLEET
H5 TNIE, HRNMEEMATLTHAHAZED, LIEPEEDERSZIETIEL
EABRDIIBFEYEZDTHS. ~That moment will be significant not just because
it will signal the end of on more human niche, but because it will signal the
beginning of another: the era in which it will no longer be optional for machines to
have ethical systems
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